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Deep Networks (2012)
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Very Deep Network (2014
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Ultra Deep Network (2015)

AlexNet, 8 layers % VGG, 19 layers
(ImageNet 2012) (ImageNet 2014)

ResNet, 152 layers
(ImageNet 2015)
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Microsoft Research Labs
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Microsoft Research Redmond
Microsoft Research Station Q
Microsoft Research New York City
Microsoft Research New England
Microsoft Research Cambridge
Advanced Technology Labs Europe
Advanced Technology Labs Cairo
Advanced Technology Labs Israel
Microsoft Research Asia

Microsoft Research India
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